
T r a d in g  A c t iv i t y  o f F o r e ig n  
In s t i t u t io n a l In v e s t o r s  a n d  

V o la t i l i t y

V. Ravi Anshuman
Indian Ins titute of Management Bangalore

 
Rajesh Chakrabarti

Indian S chool of Bus iness
 

Kiran Kumar
National Ins titute of S ecurities  Markets

 



“… With each decade, the role of speculative capital has 
magnified. For speculative capital, nimbleness is the 
essential attribute. Rushing in when it sees an 
opportunity and heading for the exit at the first sign of 
trouble, speculative capital has too often turned 
upswings into bubbles and downward cycles into 
crises… ”

                             H e n r y  K is s in g e r , M a y  2 9 , 2 0 0 8    

(In t e r n a t io n a l H e r a ld  T r ib u n e )



Portfolio flows into emerging markets: 
E ffects

• I n v e s tm e n t s  b y  fo r e ig n e r s  in  e m e r g in g  e c o n o m ie s  
b e l ie v e d  to  im p r o v e  m a r k e t e f f ic ie n c y  a n d  lo w e r  th e  c o s t 
o f c a p i t a l .

• C o u n te r  v ie w , w id e ly  h e ld  b y  p o l ic y  m a k e r s , th a t fo r e ig n  
in s t i t u t io n a l in v e s t o r  (F I I) t r a d e s  e x a c e r b a t e  v o la t i l i t y  in  
m a r k e t s

Foreign capital 
flows highly 
variable 

high asset 
price 
volatility

adverse 
real effects 
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Trading Activity VolatilityFII Equity flows

Short term volatility
-focussed study          
-microstructure  / 
intra-day study

Long term volatility
-Confounding macro effects

Market wide 
volatility

Stock specific 
volatility

•Aggregated trading activity of FII

•2.5 years of daily data

•Analyses Trader – type data

•Stock specific trading activity of FII

•3 months of intra-day tick-by-tick data

•Analyses Transaction-trader type data

Birds eye view of the story



Q u e s t io n s

• D o e s  th e  t r a d in g  a c t iv i t y  o f F I I s  a f f e c t t h e  
v o la t i l i t y  in  th e  In d ia n  C a p i t a l M a r k e t s ?

 

• I f F I I t r a d in g  d o e s  a f f e c t v o la t i l i t y :
• D o  p a r t ic u la r  t r a n s a c t io n  t y p e s  (b u y /s e l l a n d  

c o u n t e r p a r t y ) d o  i t m o r e  th a n  o th e r s ?

• D o  p o s i t iv e  a n d  n e g a t iv e  s h o c k s  h a v e  th e  s a m e  
e f f e c t?



Our approach 

• E m p ir ic a l s t u d ie s  o n  fo r e ig n  in s t i t u t io n a l t r a d in g  h a v e  r e l ie d  
o n  lo n g e r  h o r iz o n  d a ta , e i t h e r  o n  a  d a i ly  o r  a  m o n th ly  
h o r iz o n . 

– C h o e , K h o , a n d  S tu lz  (2 00 1 ) (K o r e a ), H a u  (2 0 0 1 ) (G e rm a n ), S e a s h o le s  
(2 0 00) (T a iw a n ), G r in b la t t a n d  K e lo h a r ju  (2 0 00) (F in la n d ), F r o o t a n d  
R a m a d o r a i (2 00 1 ) (2 5  c o u n t r ie s ), K a n g  a n d  S tu lz  (1 9 9 7 ) (J a p a n ); R ic h a r d s  
(2 0 05 )  (6  A s ia n  C o u n t r ie s ) W a n g  (2 0 0 7 ) (T h a i la n d  a n d  In d o n e s ia ) w it h  d a i ly  
d a ta  

• E x c e p t io n : In d o n e s ia  in t r a -d a y  d a ta : D v o r a k  (2 0 0 5 ); 
A g a rw a l e t a l (2 0 0 9 )

• S to c k -le v e l in t r a -d a y  t r a d in g  d a ta  l ik e ly  to  th r o w  g r e a te r  l ig h t 
o n  a c t u a l in f o rm a t io n  a d v a n ta g e s /t r a d in g  p a t t e r n s

• H e n c e  w e  u s e  in t r a d a y  d a ta  fo r  F I I t r a d in g .



Approach (contd.)
• P o l ic y  m a k e r s  o f t e n  e x p r e s s  c o n c e r n  a b o u t m a r k e t 

v o la t i l i t y .

• A  la r g e  a m o u n t o f fo r e ig n  t r a d in g  is  d ir e c t e d  a t 
in d iv id u a l s t o c k  a n d  n o t n e c e s s a r i ly  a t th e  m a r k e t 
in d e x . 

• I n  o r d e r  to  a d d r e s s  th is  d ic h o t o m y , w e  p e r f o rm  o u r  
s tu d y  a s  a  tw o -p a r t e x p e r im e n t .

• F i r s t , u s in g  d a i ly  d a ta  o v e r  th e  p e r io d  2 0 0 7 -2 0 0 9 , w e  e x a m in e  
h o w  a g g r e g a te  t r a d in g  a c t iv i t y  o f F I I s , d o m e s t ic  in s t i t u t io n s  
in v e s to r s  (D I I) a n d  o th e r  in v e s t o r s  a f f e c t s  m a r k e t-w id e  v o la t i l i t y .

• N e x t w e  fo c u s  e x c lu s iv e ly  o n  s to c k  s p e c i f ic  t r a n s a c t io n s  u s in g  a  
p r o p r ie t a r y  d a ta s e t o f in t r a d a y  t r a d e s  d u r in g  th e  3 -m o n th  p e r io d  
in  2 0 0 6 . 



A n s w e r s

• F o r  aggregate t r a d in g  v o lu m e  o n  market-wide v o la t i l i t y :
• F I I t r a d in g  a c t iv i t y  d a m p e n s  v o la t i l i t y

• D I I a n d  o th e r s ’ t r a d in g  a c t iv i t y  e x a c e r b a t e s  m a r k e t v o la t i l i t y

• P o s i t iv e  s h o c k s  h a v e  g r e a te r  im p a c t th a n  n e g a t iv e  s h o c k s

• T h e  a s y m m e t r ic  r e s p o n s e  m u c h  s t r o n g e r  fo r  d o m e s t ic  t r a d e s  th a n  
F I I t r a d e s

• F o r  intra-day r e la t io n s h ip  o n  individual s to c k s :
• T r a d in g  a c t iv i t y  amongst F I I s  d o e s  not a f f e c t s t o c k  v o la t i l i t y  

a d v e r s e ly

• F I I s a le s  to  d o m e s t ic  c l ie n t s  (e x p e c t e d  a s  w e l l a s  s u r p r is e s ) 
in c r e a s e s  s to c k  v o la t i l i t y . 

• V o la t i l i t y  in c r e a s e s  m a in ly  b e c a u s e  o f t r a d e s  amongst d o m e s t ic  
c l ie n t s  a n d  to  s o m e  e x te n t d u e  to  t r a d e s  a m o n g s t d o m e s t ic  

p r o p r ie t a r y  t r a d e s . 
• S im i la r  t o  W a n g  (2 0 0 0) fo r  In d o n e s ia



Relevant Literature 

• F I I in v e s tm e n t l i t e r a t u r e : 
– B r e n n a n  a n d  C a o  (1 9 9 8 ); W a n g  (2 0 0 7 ); F r o o t e t a l (2 0 0 1 ); C h o  

e t a l (2 0 0 5 ); R ic h a r d s  (2 0 0 5 ), D v o r a k  (2 0 0 5 ), A g a rw a l e t a l 
(2 0 0 9 )…

• M ic r o s t r u c t u r e  l i t e r a t u r e :
– K a r p o f f (1 9 8 7 ): P o s i t iv e  R e la t io n s h ip  b e tw e e n  v o lu m e  a n d  

v o la t i l i t y  

• f o l lo w e d  b y  e x h a u s t iv e  e m p ir ic a l s tu d ie s  e .g . S c h w e r t (1 9 9 0)

• A n d e r s o n  a n d  B o l le r s le v  (1 9 9 8 ): in t r a d a y  d a ta  v o la t i l i t y  b e t t e r  
e s t im a te  th a n  d a i ly -r e tu r n  b a s e d  m e a s u r e s

• B e s s e m b in d e r  a n d  S e g u in  9 1 9 9 3 ): e x p e c te d  v s  u n e x p e c te d  
t r a d in g  v o lu m e



E x p la n a t io n s  o f v o lu m e -v o la t i l i t y  r e la t io n s h ip

• M ix t u r e  o f D is t r ib u t io n s  H y p o th e s is
– p r ic e  c h a n g e s  a r is e  f r o m  a  m ix tu r e  o f n o rm a l d is t r ib u t io n s  

– t h e  n u m b e r  o f in f o rm a t io n  a r r iv a ls  (o r  v o lu m e  p e r  t r a n s a c t io n ) is  
th e  m ix in g  v a r ia b le .

• S e q u e n t ia l a r r iv a l o f in f o rm a t io n  m o d e ls
– t r a d in g  h e lp s  “d is c o v e r ” n e w  in fo rm a t io n  

– r e s u l t s  in  c o n te m p o r a n e o u s  in c r e a s e  in  v o lu m e  a n d  p r ic e  
m o v e m e n t s

• A s y m m e t r ic  in f o rm a t io n  m o d e ls
– A d m a t i a n d  P f le id e r e r   (1 9 8 8 )

– h e r e  in fo rm e d  t r a d e s  p o o l th e i r  t r a d e s



E x p la n a t io n s  -- I I

• D if f e r e n c e s  in  o p in io n s  m o d e ls  
– V a r ia n , 1 9 8 5 , 1 9 8 9 , H a r r is  a n d  R a v iv , 1 9 9 3 , S h a le n , 1 9 9 3

– d iv e r g e n c e  o f b e l ie f s  c a u s e  t r a d in g  v o lu m e  a n d  th e  a s s o c ia te d  
p o s i t iv e  r e la t io n s h ip  b e tw e e n  v o lu m e  a n d  v o la t i l i t y .

• P o s i t iv e  fe e d b a c k  t r a d in g  m o d e ls
– s t r a te g ic  t r a d in g  b y  in fo rm e d  t r a d e r  e x a c e r b a te s  v o la t i l i t y .

• N o is e  t r a d in g  h y p o th e s is  
– u n in fo rm e d  t r a d e r s  d e s ta b i l iz e  p r ic e s  a n d  th e ir  t r a d in g  v o lu m e  

d r iv e s  v o la t i l i t y  (F r ie d m a n  1 9 5 3 ). 



Impact of aggregate trading activity on market 
volatility

D a ta :

• I n t r a -d a y  N S E  N IF T Y  In d e x  d a ta  f r o m  A p r  1 6 , 2 0 0 7  to  
A u g  3 1 , 2 0 0 9  f r o m  th e  N a t io n a l S to c k  E x c h a n g e

• T r a d in g  v o lu m e  d a ta  f r o m  th e  S e c u r i t ie s  E x c h a n g e  
B o a r d  o f I n d ia  o f In d ia  L td .
– D a i ly  F I I a n d  D I I b u y  a n d  s e l l v a lu e  (a c r o s s  B S E  a n d  N S E ) a s  

w e l l a s  to ta l d a i ly  tu r n o v e r

– D e d u c e  n e t t r a d in g  v a lu e  o f t h e  o th e r  t r a d e r s :

• O th e r s  b u y  =  T o ta l B S E  t r a d in g  v a lu e  +  to ta l N S E  t r a d in g  
v a lu e  –  to ta l F I I a n d  D I I b u y  v a lu e .  

• O th e r s  s e l l =  T o ta l B S E  t r a d in g  v a lu e  +  to ta l N S E  t r a d in g  

v a lu e  –  to ta l F I I a n d  D I I s e l l v a lu e . 



Table 1A: Gives descriptive statistics of trades of FIIs, DIIs, 
and Others in terms of the daily summary trading volume  in 

R s crores

• Over the period, FII and Others were net sellers while DII were net buyers

• DIIs have greatest “imbalance”

• Institutional trading relatively more volatile



Table 1 B Gives pair-wise correlation between trader-type 
buy and sell volumes. 

• DII (buy) and DII (sell) least correlated – directional effect



Table1C :Pair-wise correlation matrix of Nifty Returns and 
DII, FII and Other net trading values

•  FII negatively correlated with both the groups but positively with returns



Descriptive statistics of Nifty daily returns.  

•The average daily returns are positive and very small compared with the return standard 
deviation. 

•The Nifty return series is slightly positively skewed and displays significant excess 
kurtosis. 

•This implies that the Nifty index return series is characterized by a distribution with tails 
that are significantly heavier than in a normal distribution.

•Additionally, the Ljung-Box Q (10) and Q2(10) statistics for returns and squared returns 
indicate linear dependence and volatility clustering in Nifty return series. 



Methodology

• D e c o m p o s e  t r a d in g  v o lu m e  in t o  expected a n d  
unexpected c o m p o n e n t s
– A l lo w s  u s  to  e x a m in e  th e  e x te n t t o  w h ic h  s u r p r is e s  v e r s u s  t r e n d  

a c t iv i t y  v a r ia b le s  a f f e c t th e  v o la t i l i t y -v o lu m e  r e la t io n .

– B e s s e m b in d e r  a n d  S e g u in  (1 9 9 3 )

– C h a n  a n d  F o n g  (2 0 0 1 ): N e t t r a d e d  v o lu m e s  (b u y -s e l l) o f F I I , D I I 
a n d  O th e r s , a s  w e l l a s  o v e r a l l t r a d in g  v o lu m e

– W e  f i t a n  A R M A  m o d e l a f t e r  a c c o u n t in g  fo r  d a y  o f w e e k  e f f e c t s

– T h e  f i t t e d  n e t v o lu m e  is  th e  e x p e c te d  p a r t a n d  th e  r e s id u a l 
v o lu m e  is  th e  u n e x p e c te d  p a r t .



Cross-correlations between trading activities of trader 
categories

• Strong negative correlation between FII expected (unexpected) net volume and expected 
(unexpected) components of DII as well as Other. 

• However, the correlation is very positive between DII and Other for both expected and 
unexpected components.
  
• Apparently, on average, aggregate FII trading activities go in opposite directions 
to that of DII and Other trading activities.

• The trading beliefs of FII are opposite to that of remaining traders in Indian market. 



Measuring Volatility

• T h r e e  d if f e r e n t v o la t i l i t y  p r o x ie s  b a s e d  o n  in t r a -d a y  d a ta :

– P a r k in s o n  v o la t i l i t y  (u s e s  d a y ’s  h ig h  a n d  lo w ); 

– G a rm a n  K la s s  V o la t i l i t y  (u s e s  d a y ’s  o p e n , h ig h , lo w  a n d  c lo s e )

– I n t r a -d a y  v o la t i l i t y  (5 -m in u te  r e tu r n  s ta n d a r d  d e v ia t io n )
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E x a m in in g  th e  V o la t i l i t y – V o lu m e  
R e la t io n s h ip

• R e g r e s s in g  v o la t i l i t y  e s t im a te  o n  
– la g g e d  v o la t i l i t y  e s t im a te s , 

– e x p e c te d  a n d  u n e x p e c te d  c o m p o n e n t s  o f m a r k e t-w id e  t r a d in g  
v o lu m e

– e x p e c te d  a n d  u n e x p e c te d  c o m p o n e n t s  o f n e t t r a d in g  v o lu m e s  o f 
F I I , D I I s  a n d  O th e r s . 

[B e s s e m b in d e r  a n d  S e g u in  (1 9 9 3 ) a n d  W a n g  (2 0 0 2 )]

 



Volatility and Overall trading activity
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Observations
• T h e  im p a c t o f unexpected v o lu m e  (c o e f f ic ie n t β2) o n  

v o la t i l i t y  is  m u c h  h ig h e r  th a n  th a t o f e x p e c t e d  v o lu m e  
(c o e f f ic ie n t β1 ). 

• U n e x p e c t e d  v o lu m e  (c o e f f ic ie n tβ2) h a s  a  positive (a n d  
s ig n i f ic a n t) c o n t e m p o r a n e o u s  im p a c t o n  m a r k e t v o la t i l i t y  
w h e r e a s  e x p e c t e d  v o lu m e  h a s  n o  s ig n i f ic a n t e f f e c t . 

• T h is  r e s u l t h o ld s  q u a l i t a t iv e ly  w it h  a l l p r o x ie s  o f v o la t i l i t y , 
n a m e ly , G K V , P a r k in s o n  a s  w e l l a s  in t r a -d a y  v o la t i l i t y  
p r o x y .



Volatility and Net trading activity by trader 
type

• P a n e l A : G a rm a n  K la s s  V o la t i l i t y  E s t im a t o r  a s  p r o x y  o f 
V o la t i l i t y



Panel B : Parkinson Volatility estimator as proxy for market 
wide volatility



Panel C: Intra-day Volatility estimator as proxy for market 
wide volatility



F in d in g s
• M a r k e t v o la t i l i t y  is  negatively r e la t e d  to  F I I t r a d in g  

a c t iv i t y , b o th  e x p e c t e d  (γ1 ) a n d  u n e x p e c t e d  (γ2+γ3). 

• P o s i t iv e  s h o c k s  in  u n e x p e c t e d  v o lu m e  (γ3) o f F I I s  im p a c t 

v o la t i l i t y  m u c h  m o r e  t h a n  n e g a t iv e  s h o c k s  (γ2), b u t th e  
o v e r a l l im p a c t o f u n e x p e c t e d  v o lu m e  o f F I I s  is  a  
r e d u c t io n  in  m a r k e t v o la t i l i t y .  

• T h e  in c r e m e n ta l e x p la n a to r y  p o w e r  o f th e  r e g r e s s io n  
im p r o v e s  b y  1 5 %  (a d ju s t e d  R 2 in c r e a s e s  f r o m  0 .3 9 9  to  
0 .4 5 8 ) a f t e r  in c lu d in g  F I I s  t r a d in g  a c t iv i t y  o v e r  a n d  a b o v e  
th e  o v e r a l l t r a d in g  a c t iv i t y  v a r ia b le s . 



F in d in g s
• D I I t r a d in g  a c t iv i t y , e x p e c t e d  (γ1 ) a s  w e l l a s  u n e x p e c t e d  

(γ2+γ3), increases m a r k e t-w id e  v o la t i l i t y . 

• N e g a t iv e  s h o c k s  o f D I I (γ2) d o  n o t c o -v a r y  w it h  m a r k e t-

w id e  v o la t i l i t y .   H o w e v e r , P o s i t iv e  s h o c k s  o f D I I (γ3) 
c a u s e  a  s ig n i f ic a n t in c r e a s e  in  m a r k e t v o la t i l i t y .   

• T h e  im p a c t o f D I I o n  v o la t i l i t y  is  s im i la r  a c r o s s  o t h e r  
v o la t i l i t y  p r o x ie s .  M a r k e t v o la t i l i t y  in c r e a s e s  s ig n i f ic a n t ly  
w it h  th e  t r a d in g  a c t iv i t ie s  o f O th e r s  (b o t h  e x p e c t e d  a n d  
u n e x p e c t e d  n e t t r a d in g  v o lu m e s ).

• R o b u s t a c r o s s  o th e r  v o la t i l i t y  e s t im a to r s .  



F in d in g s

• I r r e s p e c t iv e  o f t h e  t r a d e r  t y p e , s h o c k s  in  n e t t r a d in g  
v o lu m e  h a v e  asymmetric impact o n  v o la t i l i t y  d e p e n d in g  
o n  w h e th e r  th e  s h o c k  is  p o s i t iv e  o r  n e g a t iv e . 

  

• T h e  m a g n i t u d e s  a n d  s ta t is t ic a l s ig n i f ic a n c e  o f e s t im a te d  
c o e f f ic ie n t s  im p ly  t h a t t h e  im p a c t o f p o s i t iv e  u n e x p e c t e d  
n e t t r a d in g  v o lu m e s  a r e  h ig h e r  th a n  th a t o f n e g a t iv e  
s h o c k s  f o r  D I I a s  w e l l a s  O th e r s . 

• T h e  a s y m m e t r y  is  m in im a l f o r  F I I s  (a p p r o x im a te ly  0 .0 0 3 ) 
w h e r e a s  fo r  D I I s  i t is  1 0 .5 4  a n d  fo r  O th e r s  i t is  1 1 9 .0 5 . 



Part II: Impact of trading activity on volatility 
at individual stock level

D a ta

• P r o p r ie t a r y  d a ta s e t th a t p r o v id e s  u s  w it h  t ic k -b y -t ic k  d a t a  
fo r  5 0  s t o c k s  (N IF T Y  s to c k s ) d u r in g  a  3  m o n th  p e r io d  
(A p r i l-J u n  2 0 0 6 ). 

• T h is  d a ta s e t is  u n iq u e  in  th e  s e n s e  th a t i t c o n ta in s  a n  
in d ic a t o r  o f t r a d e r  t y p e  (e .g ., F I I , D I I a n d  s e v e r a l d i f f e r e n t 
t y p e s  o f t r a d e r  t y p e s )



D a ta

• O r d e r -b y -o r d e r  a n d  t r a d e -b y -t r a d e  d a ta  f r o m  th e  N a t io n a l 
S t o c k  E x c h a n g e  o f I n d ia  (N S E )

• N S E  is  a n  e le c t r o n ic  o r d e r -m a t c h in g  l im i t o r d e r  b o o k  
m a r k e t th a t o p e r a t e s  o n  a  s t r ic t p r ic e -t im e  p r io r i t y

• T ic k  s iz e  is  IN R  0 .0 5

• A l l u n f i l le d  o r d e r s  e x p ir e  a t m a r k e t c lo s e

• D o e s  n o t h a v e  a  p r e -o p e n  c a l l a u c t io n  to  d e te rm in e  
o p e n in g  p r ic e

• H id d e n  (o r  ic e b e r g ) o r d e r s  a r e  a l lo w e d  w it h  a t le a s t 1 0  
p e r c e n t o f th e  o r d e r  b e in g  d is p la y e d

• F iv e  b e s t p r ic e s  a n d  th e  c o r r e s p o n d in g  d e p th s  a t th o s e  
p r ic e s  o n  b o th  s id e s  o f th e  b o o k  a r e  p u b l ic ly  
d is s e m in a t e d

Ram Thirumalai



D a ta

• C o n s is t s  o f a l l th e  5 0  s to c k s  in  th e  S ta n d a r d  &  P o o r ’s  C N X  N i f t y  
In d e x

• S a m p le  p e r io d  is  f r o m  A p r i l 1  th r o u g h  J u n e  3 0 , 2 0 0 6 , c o v e r in g  6 3  
t r a d in g  d a y s

• O r d e r s  d a ta  in c lu d e
– t h e  d a te  a n d  t im e  th e  o r d e r  w a s  p la c e d
– a  u n iq u e  o r d e r  n u m b e r ,
– w h e th e r  th e  r e c o r d  is  

• a  n e w  o r d e r , 
• a  m o d i f ic a t io n  to  a n  e x is t in g  o r d e r  o r ,
• t h e  c a n c e l la t io n  o f a n  e x is t in g  o r d e r ,

– w h e th e r  i t w a s  a  b u y  o r  a  s e l l o r d e r ,
– w h e th e r  i t w a s  a  m a r k e t o r  l im i t o r d e r ,
– t h e  l im i t p r ic e  i f i t w a s  a  l im i t o r d e r ,
– t h e  o r d e r  s iz e  in  s h a r e s ,
– t h e  m a x im u m  n u m b e r o f s h a r e s  to  b e  d is p la y e d  a t a n y  g iv e n  t im e ,
– a  t r a d in g  m e m b e r c o d e  th a t id e n t i f ie s  th e  t r a d in g  m e m b e r th r o u g h  w h o m  th e  

o r d e r  w a s  p la c e d ,
– a  c l ie n t m e m b e r  c o d e  th a t id e n t i f ie s  th e  c l ie n t m e m b e r  w h o  p la c e d  th e  o r d e r , 

a n d
– a  t r a d e r  c la s s i f ic a t io n  v a r ia b le . T r a d e r s  a r e  c la s s i f ie d  in to  1 4  d i f f e r e n t c l ie n te le  

c a te g o r ie s . 

Ram Thirumalai



S ummary statistics of trading activity by trader type 
and transaction type

(1 lakh = 0.1 million)



Methodology

• A s  in  B e s s e m b in d e r  a n d  S e g u in  (1 9 9 3 ), w e  d e c o m p o s e  
t r a d in g  v o lu m e  in t o  e x p e c t e d  a n d  u n e x p e c t e d  
c o m p o n e n t s  u s in g  th e  s a m e  p r o c e d u r e  a s  in  th e  f i r s t 
e x p e r im e n t .

•  A s  o p p o s e d  to  th e  e a r l ie r  e x p e r im e n t , in  th is  s t o c k  
b a s e d  e x p e r im e n t , w e  d e a l w i t h  t r a d in g  v o lu m e  r a t h e r  
th a n  n e t t r a d e d  v a lu e . 

• T h is  a l lo w s  u s  to  f in d  th e  m a r g in a l im p a c t o f d i f f e r e n t 
t y p e s  o f t r a n s a c t io n s



Methodology

• T o  e x t r a c t t h e  e x p e c t e d  a n d  u n e x p e c t e d  c o m p o n e n t s  o f 
d i f f e r e n t a c t iv i t y  v o lu m e s , w e  r e g r e s s  lo g  (v o lu m e ) 
a g a in s t d a y  d u m m ie s , t r e n d , la g g e d  v o la t i l i t y , la g g e d  
r e t u r n s , p a s t (5  la g s ) v o lu m e , w h e r e  v o lu m e  r e f e r s  to  
v o lu m e  c o n d i t io n a l o n  t r a d e r  t y p e  (F I I , P R O P , o r  
C L IE N T ) a n d  t r a n s a c t io n  t y p e  (B U Y /S E L L ).

• T h e  f i t t e d  s e r ie s  is  th e  e x p e c t e d  c o m p o n e n t a n d  t h e  
r e s id u a l c o m p o n e n t is  u n e x p e c t e d  c o m p o n e n t .  



Methodology

• W e  e m p lo y  tw o  p r o x ie s  fo r  v o la t i l i t y : 

(i) h o u r ly  s t a n d a r d  d e v ia t io n  o f r e t u r n s  b a s e d  o n  f iv e -
m in u t e  f r e q u e n c y

(i i) P a r k in s o n  m e a s u r e , c o m p u te d  o n  a  d a i ly  b a s is



Fixed effects panel regression results of the volatility-volume 
relation: 



F in d in g s
• T h e  c o e f f ic ie n t o n  th e  v a r ia b le  r e f le c t in g  F I I t r a d e s  

a m o n g s t t h e m s e lv e s  is  in s ig n i f ic a n t . 

• I n  m o s t c a s e s  w h e r e  F I I t r a d e s  a r e  in v o lv e d  e i t h e r  a s  
b u y e r  o r  s e l le r , t h e  c o e f f ic ie n t s  a r e  in s ig n i f ic a n t . 

• B u t , F I I s a le s  to  d o m e s t ic  c l ie n t s  (e x p e c t e d  a s  w e l l a s  
s u r p r is e s ) s e e m  to  in c r e a s e  s to c k  v o la t i l i t y . 

• V o la t i l i t y  in c r e a s e s  m a in ly  b e c a u s e  o f t r a d e s  o f d o m e s t ic  
c l ie n t s  a n d  to  s o m e  e x te n t d u e  t o  d o m e s t ic  p r o p r ie t a r y  
t r a d e s . T h u s  it a p p e a r s  t h a t F I I in v e s t o r s  a d d  to  In d ia n  
m a r k e t l iq u id i t y  (m a r k e t d e p th ) b e c a u s e  t h e y  a c c o u n t f o r  
a s  m u c h  a s  2 3 %  o f t h e  to t a l t r a d e d  v o lu m e ; a t t h e  s a m e  
t im e  th e ir  t r a d e s  a r e  n o t a  m a jo r  d r iv e r  o f e x c e s s  
v o la t i l i t y



C o n c lu s io n s

• T r a d in g  a c t iv i t y  o f F I I s  d a m p e n s  m a r k e t 
v o la t i l i t y , w h e r e a s  t r a d in g  a c t iv i t y  o f D I I s  
a n d  o th e r s  e x a c e r b a te s  market v o la t i l i t y .

• P o s i t iv e  s h o c k s  in  t r a d in g  a c t iv i t y  h a v e  a  
g r e a te r  im p a c t th a n  n e g a t iv e  s h o c k s .

• T h is  a s y m m e t r ic  r e s p o n s e  is  m u c h  
s t r o n g e r  fo r  d o m e s t ic  t r a d e s  th a n  fo r  F I I 
t r a d e s .



C o n c lu s io n s

• T r a d in g  a c t iv i t y  a m o n g s t F I I s  d o e s  n o t h a v e  
a n  a d v e r s e  im p a c t o n  stock v o la t i l i t y .

• H o w e v e r , F I I s a le s  to  d o m e s t ic  c l ie n t s , t r a d e  
a m o n g s t d o m e s t ic  c l ie n t s , a n d  to  s o m e  
e x te n t t r a d e  a m o n g s t d o m e s t ic  p r o p r ie t a r y  
t r a d e s , in c r e a s e s  s to c k  v o la t i l i t y . 

• O v e r a l l , th e s e  r e s u l t s  s u g g e s t th a t t r a d in g  
a c t iv i t y  a m o n g  n o n  F I I in v e s to r s  is  th e  k e y  
d r iv e r  o f v o la t i l i t y , b u t F I I s a le s  a ls o  p la y  a n  
im p o r t a n t r o le .



R o a d  a h e a d

• D e v e lo p in g  a  l ik e ly  e x p la n a t io n  o f th e  
f in d in g s

• E x a m in in g  a  fo rw a r d -lo o k in g  m e a s u r e  o f 
v o la t i l i t y
– t h e  m a r k e t t r a d e d  v o la t i l i t y  in d e x , V IX .

• M a r k e t m ic r o s t r u c tu r e  e f f e c t s  a r o u n d  F I I 
t r a d e s  
– t h e  p r ic e  im p a c t o f t r a d e s  c o n d i t io n a l o n  t r a d e r  
t y p e

– t h e  d e g r e e  o f p r ic e  r e v e r s a l c o n d i t io n a l o n  t r a d e r  
t y p e

• Im p a c t o f F I I t r a d e s  o n  th e  o v e r a l l m a r k e t 
e n v i r o n m e n t

• A n y  o th e r  s u g g e s t io n s ?



Thank you
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